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Data Quality Methodology

Discover

* Profiling

* ldentify Data Issues
 Set Data Quality Goals

Measure & Monitor

* Review Progress
* Threshold Alerts
» Scorecards

[ Data Quality
| &Governance |
\\ Process /

Measure
&
Monitor

Define

* Dictionaries
 Build Cleanse, DeDupe... Rules

Apply
* Mapping Generation
- Standardization / Validation
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Internal Challenges Create Lack of Trustin Al

9 ¢

Ethical Concerns Privacy Issues

Massive datasets of

sensitive data pose

risks if not handled
appropriately

Biased decision-
making, leading to
unfair treatment or

discrimination
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Explainability

AN

Transparency “I don't know”

Fear of unknowns
creates hesitancy
when adopting Al

applications

Data transformation
that loses trust from
source to delivery
when used for Al

"Black box'
algorithms where
decision-making is

not well understood
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First Al Regulations Have Been Enacted

US Executive Order 14110

EU Al Act

EU
Artificial
Intelligence Act

First comprehensive
artificial intelligence
regulation (effective now
with obligations in stages
through August 2027)
Risk-based: Defines
unacceptable risk, high
risk, limited risk, or
minimal risk.

» Al systems with listed
high-risk use cases are
subject to strict
obligations,

» Al systems with limited
risk require
transparency.
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Colorado Al Act

First comprehensive Al law in
the USA (effective February
2026)
Also risk-based: Detailed
obligations for high-risk Al
systems = systems that
make consequential
decisions on the provision or
denial of listed services
» Focus on risk of
algorithmic discrimination

Safe, Secure and

Trustworthy

Development and Use of

Al (issued October 2023)

* Requires US
government agencies
to assess and
consider the

implications of Al

Other Al Legislation

Substantial Al legislation

is in development

worldwide -
« Australia
« Canada
« Japan

* India

« UK




Data Foundations :

Al
== N
While the captain is steering the ship,
the crew is working on...
Data Quality
Data Integration & Governance
Data Data Management Automation
Governance Data Avaliability

G

This is how we ensure that we safely
reach our destination.



In data we trust...

Streamlng
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On-Premises
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MainframeApplication Databases mmmm ->

Servers
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Documents Data Hadoop
| Warehouse |

[
SaaS

% Q —

ERP CRM
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Completeness |

Accuracy

validity |
2 3

Values

BEFORE

% Inconsistent and poor-quality data
% Not cataloged, disconnected

%« Hard to find

« Difficult to Access

variiry - |
Compleceness

Accurecy |

=)
[
w
=
w

AFTER

v" Cleansed and consistent
v" Catalogued and tagged
v" Easy to find

v Readily Accessible

Insurance Al use cases

Fraud Detection @ .
Prevention h‘ Compliance
Risk assessment ® Policy
@ I PrEITIy m Generation
calculation A=
1 1 1
Claims - Predictive
Processing 37| Maintenance

I

Al/ML tools

BT e

But it's not only Data Quality required......

vy

e Bz @

Your Al for Insurance use cases




IDMC supports Responsible Al

Multiple starting points to accelerate Al governance and compliance

Expose data and
: : comply with policies
Develop and Al policy-compliant for ethical &
operationalize data data is made appropriate use of Al
Informatica pipelines for Al with ! - available for 360- for analytics and
cataloging helps trusted data at scale Intelligent Data Management Cloud™ views of customer, other value
employee or other aw Jeneration activities

S g sensitive master data i
sources and types with trust assurance

subject to Al Act U needed

SCOpe to Inventory DATA INTEGRATION API & APP DATA QUALITY & MDM & 360 GOVERNANCE,
for Compliance & ENGINEERING INTEGRATION OBSERVABILITY APPLICATIONS ACCESS &R MARKETPLACE

reporting . .
G RE’
Al-Poweregd VIntelligence & Automation .
'- e -_— Policy enforcement
Improve data quality & vity support to align

Leverage CLAIRE GPT oI pum Observability for fitness, and % organisational policies
natural language queries identify issues and anomalies, with appropriate

to help manage and that impact reliability of Al ownership & account for
explore data subject to Al e models — track & monitor to scale ethical Al and data use

regulation

1
aWs == Microsoft €Y Google Cloud g(ﬁ/:\CLE = C% é@ 1 1 %O

\-/‘7

On-premises Enterprise Cloud Serverless & 1 c
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Informatica Data Governance

Built-In Integrated Data Governance Services Across the Enterprise

S

Data Engineer ’/Cl‘
(®)

Data Catalog

Scan | Identify | Tag | Classify |
Catalog Data | Curate

Discover

Data Quality

Assess | Score | Refine |
Correct | Monitor

Remediate

78

Data Steward
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Data Access Management
Protect | Mask | Encrypt

Protect

N

Informatica

-Data Governance -

l .
&

Define & Collaborate

S CLAIRE ==
Machine Learning Artificial Intelligence
© Informatica. Prommetary and Confidential.

Business User

Data Owner

Data Producer

Data Marketplace
Inventory | Share | Search
Shop | Fulfill | Track

Share %
Business User @




Informatica’s Cloud Data Access Management
Ensure the right people have access to the right data at the right time

CDGC provides classifications and

) ) business terms
» Defined in one place, enforced everywhere

 Logical, scalable, metadata-driven policies

« Leverage discovery and classification from CDGC Policy Definition

CDI at rest On read

via
CDMP

» Broad range of policy enforcement points,
including within CDI workloads

Policy

: : Enforcement
« Streamline access requests in COMP

 Hybrid- and multi-cloud enforcement

* Observe, monitor, and audit data access Log and Audit

(‘ Informatica



Fine-grained controls target row, column or cell level

name unique id country location dob value
Uslkfcp BV489327 USA 02114 1990s 7.3
Alfbzue KP529402 USA 75202 1980s 18.2
Pstylvm PF523991 Canada H MGON *** 1980s 5.8
Nhsgoem 5S398219 USA 14925 1970s 17.6
Hapemty ‘ RA938473 ‘ USA ‘ 96162 ‘ 1990s ‘ 7.8
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No-code, scalable policies align with business use

If C user role ) and ( purpose ) then access control

If < data location ) and ( user location ) then

If < consent status ) and < data class ) then

G Informatica © Informatica. Proprietary and Confidential.




Physical data + metadata + policies = protected data

Data sources e .
I
ID START_D SALARYS LOCATION : 1 HR Analyst In the US
004095 01/01/2018 125,000 us 1 L : o START.D SALARYS LOCATION
004427 05/01/2018 125,000 UK ! CDAM PO|ICIES 1
| I 004095 01/01/2018 125,000 us
004603 04/01/2019 140,000 us \ 1 |f USER - HR and USER I / 004603 04/01/2019 140,000 Us
ooer oero1rz0zt 75000 UK : | 006382 06/01/2022 100,000 us
006382 06/01/2022 | 100,000 us | LOCATION = US then deny :
| access to any record where |
- S I - :
' “Office Location” is not US . Finance Analyst in the UK
| : ID START_D SALARYS LOCATION
CDGC : If USER = FINANCE then I \ 529402 2018 125,000 us
H " " I
COLUMN | DATACLASS TYPE : Tokenize “Employee Number | S e 125000 |
D Employee Number | STRING / ' and Generalize “Start Date” : — e .
START_D Start Date DATE ! S — 75000 K
- I
I 1 489327 2022 100,000 us
SALARYS Annual Salary INTEGER 1 |
LOCATION Office Location STRING :. 1
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Data Consumers Need a "1 Stop Shop’

A centralised place for all their data and data access needs

Numerous network folders
Innumerable files
Incalculable eMails
Duplicate databases
Various legacy reports

Thousands of reports
Hundreds of data warehouses
Countless files

@ Too many services

Data Consumers _ . . |
Various skillsets required 1
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CLAIRE® GPT

Generative Al-Powered Data Management to Simplify Data Insights for All

CLAIRE® GPT
NATURAL LANGUAGE INTERFACE TO DATA

. o

@ Informatica CLAREGPT v ClairePMDemo2024 v Y2 .
¢ Generative Al-powered Data Management

+

= Enhance productivity of Reduce data Data democratization and management

CLAIRE gpT experienced data management by empowering business users to create
. ; management o )
professionals with fully t specifications and perform basic data
Need help getting started? Try one of these sample prompts. automated WOFkﬂOWS COsts management independently.
Discover Explore Ask
Find catalog sources of type Snowflake, Show data preview of W"a":’:o‘:e;::::c'f::""'l‘: o o
D sk SO IARNETON e comsle? NATURAL LANGUAGE NATURAL LANGUAGE NATURAL LANGUAGE NATURAL LANGUAGE
TO ETL/ELT TO DATA QUALITY TO PREPARATION TO GOVERNANCE
Show me the HI::I;D‘/:::: are profiled In Show data sample of @ORDERS What API ciar:‘b:s::‘ei‘t‘o:g;xcl:\e details of
1o delete any corrupt o non- AUTOMATED
L . s o IS e 1 NATURAL LANGUAGE | NATURAL LANGuace | BARERAL LRNGURCE FINANCIAL
BASED DISCOVERY BASED EXPLORATION OPERATIONS
DOCUMENTATION
(FINOPS)
Ask uARE CROSS PRODUCT e IN-CONTEXT DATA OPEN,
» Kopoonrs oo © EXPERIENCE (A1) COPILOT INTELLIGENCE POLYGLOT
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